
                                                                                                               e-ISSN: 2582-5208 
International  Research Journal  of  Modernization in Engineering Technology  and  Science 

( Peer-Reviewed, Open Access, Fully Refereed International Journal ) 

Volume:05/Issue:09/September-2023       Impact Factor- 7.868                                     www.irjmets.com                              

www.irjmets.com                              @International Research Journal of Modernization in Engineering, Technology and Science 

 [16] 

FIND OVERDUE LOAN 

Sanjana MC*1, Amos R*2 
*1Student, Department Of Master Of Computer Applications, Maharaja Institute Of Technology 

Mysore, Mandya, Karnataka, India. 

*2Professor, Department Of Master Of Computer Applications, Maharaja Institute Of Technology 

Mysore, Mandya, Karnataka, India. 

ABSTRACT 

The problem of overdue loans is a critical issue faced by financial institutions worldwide, impacting their 

stability and profitability. This study aims to analyze the underlying causes of overdue loans and explore 

potential strategies for effective loan recovery. The research employs a mixed-methods approach, combining 

quantitative data analysis and qualitative case studies of selected borrowers with overdue loans. The 

quantitative analysis focuses on historical loan performance data to identify patterns and trends that contribute 

to delinquency. Key findings highlight several contributing factors to overdue loans, including economic 

downturns, borrower financial distress, insufficient amount, and inadequate loan monitoring mechanisms. 

Additionally, borrower-related factors, such as sudden life events and unforeseen emergencies, emerged as 

significant causes of payment delays. 
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I. INTRODUCTION 

The management of overdue loans is a critical challenge faced by financial institutions worldwide. When 

borrowers fail to make timely loan repayments, it leads to delinquency and poses significant credit risk to 

lenders. Unpaid loans not only affect a bank's profitability but also disrupt the stability of the financial 

ecosystem. To address this issue effectively, financial institutions are increasingly turning to data-driven 

approaches and advanced technologies. The ability to identify and predict potential cases of loan delinquency is 

of paramount importance for lenders. By proactively detecting signs of loan default, financial institutions can 

take timely and appropriate actions to minimize losses, offer alternative repayment solutions to borrowers, and 

prevent the escalation of bad debt. Consequently, there is a growing need for sophisticated tools and 

methodologies that can analyze vast amounts of historical loan data to make accurate predictions. The objective 

of this study is to develop a data-driven approach for finding overdue loans and predicting loan default. 

Through the analysis of historical loan data and the application of advanced machine learning techniques, we 

aim to build a robust predictive model that can identify high-risk borrowers and potential non-performing 

loans (NPLs). This model will not only aid in preventing delinquency but also optimize the loan recovery 

process and improve overall credit risk management. 

II. METHODOLOGY 

Data Collection: Gather relevant loan data from various sources within the financial institution. This includes 

loan amount, loan type, borrower information (e.g., demographics, credit scores), repayment history, and 

economic indicators. The dataset should encompass both current and past loans, including those that have 

already become overdue. 

Data Preprocessing: Clean and preprocess the loan data to handle missing values, outliers, and 

inconsistencies. Standardize and normalize numerical features, and convert categorical variables into 

numerical representations to make the data suitable for machine learning algorithms. 

Predicting Overdue Loans: Apply the trained model to new loan data to predict the likelihood of loan 

delinquency for each borrower. The model assigns a probability score to each loan, indicating the risk level 

associated with that loan. 

Risk Segmentation: Segment borrowers based on their predicted risk levels, classifying them into low-risk, 

medium-risk, and high-risk categories. This enables the financial institution to prioritize its efforts in managing 

overdue loans and tailor appropriate repayment solutions for high-risk borrowers. 
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Loan Management and Recovery: Implement strategies based on the risk segmentation to manage and 

recover overdue loans effectively. This may include early intervention for high-risk borrowers, offering 

alternative repayment plans, or collaborating with collection agencies. 

Continuous Monitoring and Refinement: As new loan data becomes available, continuously update the model 

and reevaluate its performance. Regular monitoring helps to ensure the model's accuracy and relevance in an 

ever-changing lending environment. 

III. MODELING AND ANALYSIS 

Data Collection and Preparation: 

 Gather loan data from various sources, including historical loan records, borrower information, credit 

scores, repayment history, and economic indicators. 

 Clean and preprocess the data to handle missing values, outliers, and inconsistencies. 

 Perform feature engineering to create relevant features that may influence loan delinquency. 

Predicting Overdue Loans: 

 Apply the tuned model(s) to the testing set or new loan data to predict the likelihood of loan delinquency for 

each borrower. 

 The model assigns a probability score to each loan, indicating the risk level associated with that loan. 

Risk Segmentation: 

 Segment borrowers based on their predicted risk levels into different risk categories (low-risk, medium-

risk, high-risk). 

 This helps prioritize actions and design tailored strategies to manage and recover overdue loans effectively. 

Continuous Monitoring and Refinement: 

 Continuously update the model as new loan data becomes available to ensure its relevance and accuracy. 

 Regularly monitor the model's performance and refine it if necessary to adapt to changing lending trends 

and borrower behavior. 

IV. RESULTS AND DISCUSSION 

Model Performance: The developed predictive model exhibits robust performance in predicting loan 

delinquency. Evaluation metrics such as accuracy, precision, recall, F1-score, and AUC-ROC demonstrate high 

values, indicating the model's effectiveness in distinguishing between borrowers likely to default and those 

who will not. 

The model's accuracy ensures that it can correctly classify a large portion of loans as either overdue or non-

overdue, minimizing false predictions and optimizing loan recovery strategies. 

Risk Segmentation: The model effectively segments borrowers into risk categories based on their predicted 

likelihood of loan delinquency. This segmentation allows financial institutions to allocate resources efficiently, 

prioritizing high-risk borrowers for early intervention and targeted collection efforts. By proactively managing 

high-risk loans, lenders can reduce the number of delinquent accounts and improve the overall quality of their 

loan portfolio. 

Interpretability: The interpretability of the model is crucial in understanding the factors contributing to loan 

delinquency predictions. The identification of key risk factors, such as low credit scores, high debt-to-income 

ratios, and previous repayment history, enables financial institutions to make informed decisions and design 

customized loan products for different borrower segments. Moreover, the insights gained from model 

interpretability can aid in identifying areas for process improvement and guide risk management strategies. 

Continuous Improvement: The model's performance and accuracy are subject to change over time as the 

lending environment evolves and borrower behavior shifts. Therefore, continuous monitoring and periodic 

updates are necessary to ensure the model remains relevant and effective. 

Regularly incorporating new loan data into the model training process ensures that the predictive model stays 

up-to-date and adapts to emerging credit risk patterns. 
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V. CONCLUSION 

The study on finding overdue loans using a data-driven approach has yielded valuable insights and significant 

contributions in the financial industry. The results have demonstrated the effectiveness of the predictive model 

in identifying potential loan delinquency and providing valuable risk assessment information for lenders. the 

data-driven approach to finding overdue loans has proven to be an invaluable tool for financial institutions in 

optimizing loan portfolios. Lenders can make more informed decisions, implement targeted strategies, and 

enhance their overall financial health. As technology continues to advance, such data-driven methodologies will 

play an increasingly critical role in shaping a more stable and resilient financial ecosystem. However, it is 

important to acknowledge that while the model provides valuable insights, human expertise and judgment 

remain indispensable. 
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