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ABSTRACT

The method of determining an image or video sentiment is known as sentiment analysis. Opinion mining or
emotion Artificial Intelligence is other terms for it (Al). People leave posts on social media about events they’ve
attended, and they’re curious if the majority of other people had a favorable or negative experience with the
same event. Sentiment Analysis can be used to obtain this assortment. Sentiment analysis images or videos on
product reviews, events, and other topics from multiple individuals and categorizes them as good, negative, or
neutral. Polarity categorization is another name for this. Image or videos analysis and computational linguistics
can be used to perform sentiment analysis. The goal of this study is to compare the effectiveness of several
machine learning algorithms when performing sentiment analysis on social media data. To determine the
sentiment polarity of images, the suggested method use term frequency. In image classification, the
performance of Multinomial Naive Bayes, SVM, and Logistic regression methods were examined. According to
the findings, logistic regression has the highest accuracy when combined with the n-gram and bigram models.
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I. INTRODUCTION

Nowadays, people from all around the world use social media sites to share information. Twitter for example is
a platform in which users send and read posts known as ‘tweets’ and communicate with different communities.
Users share their daily lives, post their viewpoint on everything such as brands and places. Companies can
benefit from this huge platform by collecting data related to opinions on them. The aim of this system is to
present a model that can perform sentiment analysis of real data collected from social media. Data on social
media is highly unstructured which makes it difficult to analyse

Sentiment analysis on a user's activities would generate a report for the admin of a group that the user belongs
to; such as the Head of a department or a college counselor. Reports can be generated by the analysis done on
the data of the users on the platform. According to the posts and the actions of the users, the data that is
generated is analyzed by the sentiment model. The administrators may take further actions based on the
reports that can be generated using the results of the sentiment analysis model. In a corporate world or a
university, it can be considered important to keep track of the related population's sentimental behavior
towards the institution as it gives a great amount of detail on how a user feels about being a part of that
institution and in what way should the institution engage further with the concerned user. The correct analysis
performed on the students might help determine their 'attitude’ which the companies visiting the Institute for
hiring the students can use to choose the right candidate. A social media platform with the ability to perform
sentiment analysis and produce a report for the 'high level' users is not a mere content sharing platform
anymore. [t becomes a full-fledged authoritative tool that would facilitate the decision-making process

II. RELATED WORK

Have proposed VADER, which is a simple rule-based model for general sentiment analysis, and compare its
effectiveness to common state-of-practice benchmarks including LIWC, ANEW, SentiWordNet, and machine
learning techniques like Naive Bayes and Support Vector Machine algorithms. VADER then combines these
lexical features with general rules of grammatical and syntactical ways for expressing and emphasizing
sentiment intensity. As compared to the normal technique Vader has the advantages. First, it is both quick and
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computationally economical. It takes a fraction of a second to analyze with VADER can take hours when using
more complex models like SVM. Second, the rules used by VADER are accessible.

Has presented how to program a machine to analyze the different grammatical words, cultural variations, take
out emotions, and get sentiment and meaning behind those words using machine learning techniques. The
author has made a comparison among support vector machines, naive bayes, and maximum entropy classifiers
regarding sentence-level sentiment analysis for depression measurement. The author has examined the
performance of our proposed methods on two datasets, twitter dataset, and 20newsgroups.

Have discussed challenges and opportunities in Online Social Networks (OSN). They have highlighted two main
challenges; first, it is very important for OSN users not only to share media content but also to receive the
specific media they want to see more often. Second, to secure users who are followed by a greater number of
users and for them who share too much of their personal information. The author has focused his attention on
the relevant research challenges regarding semantics and security. The author has introduced the challenges of
sentiment detection and coping with phishing attacks, Sybil attacks, and spamming. Thus this paper has
outlined a new research agenda in the field of OSN as well as is known for everyday users.

III. EXISTING SYSTEM

The current system of social media platforms provides little or no freedom to the administrators of important
accounts like businesses or colleges to analyse the sentiments related to their work. The services available are
very limited and charge a fortune for the right kind of analysis. Sentiment analysis is practiced in very few fields
in the current technological timeline. Social media platforms use it to some extent. However, it doesn't provide
a proper workaround. The administrators don't have the privilege to perform analysis on users related to their
circle such as students of a university or employees of a business.

IV.  PROPOSED SYSTEM

A social media platform with the ability to perform sentiment analysis for 'high-level users' is the desired
outcome of this project. The platform would allow almost all activities that a normal social media platform does.
The users would be able to share content and view other users' content and also express their personal views
on the same. A user can be enrolled in different groups by an entity such as a business or a university. The user
would also be able to share content from this platform to other social media platforms. Also, certain privileges
are given to the admins using which the admins can make their posts compulsory. As a result, all the users for
whom the post is made compulsory will have to respond to the post. This can be used by universities where the
admins want certain actions on their posts in the form of feedback. The users can also share the post privately
with a group of users on the platform. The other aspect of the project is the sentiment analysis part where all
the activities of a user in a group would be analyzed.

The flow diagram above depicts a high-level view of the proposed architecture. The user, as on any other social
media platform, would perform an activity such as posting something. User’s reactions such as likes or
comments on the other users’ posts will also be rated, such as if the comment is positive then the user who is
commenting, its score will be increased, similarly if a user posted something depressing then the user will get a
negative score. For argument's sake, let us say that the user expressed their grief about the decision of their
university to increase the minimum required attendance from 75% to 80%. This post, in a traditional platform,
would be stored in the DB as it is. However, in our proposed system, the post would be rated first and then
stored in the DB along with the rating. The rating would be from -1 to +1. This rating and the post stored in the
DB would be further used by the system to analyze it along with other related items in the DB and then
generate a report for the high-level user to study. Let's say that in our case, the report suggests that about 79%
of the concerned population is unhappy with the new decision of the university. With these results, the admin
may further decide to take any action or may simply ignore it. The mechanism of the model is such that it
analysis the likes, comments and posts of the users. A model that contains different lexicons and NLP libraries
and has a set of grammar and positive and negative words is used. According to the analyses, reports are
generated and displayed on the dashboard of the admin. Sentiment analyses are performed and the overall
score of the users according to their tasks on the platform is calculated. Through these analyses, the admins can
take necessary actions on it.
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V.  CONCLUSION

The main motive behind our work is to study the emotions of the users through the social media platform and
analyze their behavior and how it affects everyone on the platform positively and negatively. In a way, the use
of sentiment analysis helps in feedback analysis, competitor monitoring, etc. Our solution would provide
various groups like businesses or universities to analyze the sentiments of the users related to their circle. The
analysis will help universities to make their social media platform for the use of their institute, The analysis
would not only help them improve their future activities but would also help in finding alarming situations,
such as depressed users. The solution uses modern technologies that make the application more scalable, fast,
robust, and secure. The users would still retain their privacy as their activities won't be tracked. Rather, they
would only be analysed. It also gives escalated privileges to the administrators such as analyzing the content on
the platform, broadcasting messages, creating groups, etc.
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