
                                                                                                             e-ISSN: 2582-5208 

International  Research  Journal of  Modernization in Engineering Technology and   Science 
( Peer-Reviewed, Open Access, Fully Refereed International Journal ) 

Volume:06/Issue:11/November-2024                     Impact Factor- 8.187                               www.irjmets.com 

www.irjmets.com                              @International Research Journal of Modernization in Engineering, Technology and Science 
 [729] 

DEEP LEARNING BASED AGRICULTURE WEED DETECTION AND 

CLASSIFICATION 

Nikhil Bare*1, Rohan Doifode*2, Godavari Kadam*3, Bhakti Shirsat*4, Prof. M.D. Sutar*5 
*1,2,3,4,5Department Of Information Technology, Singhad College Of Engineering, Vadgaon, Pune, India. 

DOI: https://www.doi.org/10.56726/IRJMETS63347 

ABSTRACT 

Weed detection using deep learning is a cutting-edge application of artificial intelligence in agriculture. This 

technology offers a sophisticated solution to the age-old problem of weed management, aiming to revolutionize 

farming practices worldwide. The process begins with the acquisition of image data depicting agricultural 

fields, captured through various means. These images serve as the raw material for training the CNN model, 

providing a rich source of information about the crops and the surrounding environment, including the 

presence of weeds. The essence of CNNs lies in their ability to automatically learn and extract intricate patterns 

and features from images. Through multiple layers of convolution and pooling, these neural networks 

transform raw pixel data into meaningful representations, enabling them to discern subtle differences between 

crops and weeds. Training a CNN model for weed detection involves a complex interplay of data preprocessing, 

model architecture selection, and optimization. The dataset is carefully curated, normalized, and augmented to 

ensure diversity and robustness. 
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I. INTRODUCTION 

Weed detection using machine learning, particularly Convolutional Neural Networks (CNNs), represents a 

promising frontier in modern agriculture. By harnessing the power of computer vision, this technology aims to 

address one of the most persistent challenges faced by farmers worldwide: weed management. At its core, 

weed detection with CNNs involves the meticulous collection of image data depicting agricultural fields. 

During training, the model learns to differentiate between crop plants and weeds by analyzing patterns and 

features extracted from the images. Transfer learning, leveraging pre-trained CNN models, offers a shortcut to 

effective weed detection, especially when datasets are limited. Once trained and validated, these models hold 

the potential to revolutionize agriculture. 

II. LITERATURE SURVEY 

RELATED WORK 

1) Broad-Leaf Weed Detection in Pasture. Et.al. Wenhao Zhang, Mark F. Hansen, Timothy N. Weed control in 

pasture is a challenging problem that can be expensive and environmentally unfriendly. This paper proposes a 

novel method for recognition of broad-leaf weeds in pasture such that precision weed control can be achieved 

with reduced herbicide use. Both conventional machine learning algorithms and deep learning methods have 

been explored and compared to achieve high detection accuracy and robustness in real-world environments. In 

pasture grass/weed image data have been captured for classifier training and algorithm validation. The 

proposed deep learning method has achieved 96.88% accuracy and is capable of detecting weeds in different 

pastures under various representative outdoor lighting conditions. 

2) Design and Development of Automatic Weed Detection and Smart Herbicide Sprayer Robot. Et.al. Aravind R, 

Daman M, Kariyappa B S.    The conventional way of killing weeds in a crop plantation is to spray herbicides 

throughout the plantation. This results in contamination of the food crops and also the yield becomes less as 

some of the crop plants die along with the weeds. Thus there is a need for a smart weed control system. In this 

paper, an image processing algorithm is used to take images of the plantation rows at regular intervals and 

upon identifying the weeds in the image, the herbicide is sprayed directly and only on the weeds. The algorithm 

predominantly uses an Erosion and Dilation approach to detect weeds. The colour image is converted to binary 

by extracting the green parts of the image. The amount of white pixels present in the region of interest is 

determined and regions with higher white pixel count than the predefined threshold are considered as weeds. 

The herbicide is stored in a container fitted with water pump motors attached to spray nozzles. Once the weeds 
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are identified, a signal is sent from Raspberry-Pi to the motor driver IC controlling the water pump motors to 

spray the chemicals over the weeds. 

3) Algorithm of Weed Detection in Crops by Computational Vision. Et.al. A. J. Irías Tejeda, R. Castro Castro This 

research has been based on the use of precision agriculture tools for the management of weeds in crops. It has 

focused on the creation of an image-processing algorithm to detect the existence of weeds in a specific site of 

crops. The main objective has been to obtain a formula so that a weed detection system can be developed 

through binary classifications. The initial step of image processing is the detection of green plants in order to 

eliminate all the soil in the image, reducing information that is not necessary. Then, it has focused on the 

vegetation by segmentation and eliminating unwanted information through medium and morphological filters. 

Finally, a labeling of objects has been made in the image so that weed detection can be done using a threshold 

based on the area of detection. This algorithm establishes an accurate monitoring of weeds and can be 

implemented in automated systems for the eradication of weeds in crops, either through the use of automated 

sprayers for specific site or a weed cutting mechanism. In addition, it increases the performance of operational 

processes in crop management, reducing the time spent searching for weeds throughout a plot of land and 

focusing weed removal tasks on specific sites for effective control. 

4) Automatic Weed Detection System and Smart Herbicide Sprayer Robot for com fields. Et.al. Amir H. Kargar B, 

Ali M. Shirzadifar.    The goal of this paper is to develop a new weed detection and classification method that can 

be applied for autonomous weed control robots. In order to achieve this goal plants must be classified into 

crops and weeds according to their properties which is done by a machine vision algorithm. Plants growing 

between rows are considered as weed, while inside a row, where crops are mixed with weeds, a classification 

method is required. Accordingly in the initial step, plants pixels were segmented from background with an 

adaptive method which is robust against variable light conditions as well as plant species. After that, crops and 

weeds were classified according to features extracted from wavelet analysis of the image. Finally, based on 

positions of weeds, herbicide sprayers are told to spray right on desired spots. The whole algorithm is 

implemented in LabVIEW software which is appropriate for real-time in-field purposes. In order to evaluate the 

performance of the algorithm 73 corn field images have been taken and selected, overall classification accuracy 

of95.89% was achieved. 

Sr. No. Publication Details Seed Idea 
Drawbacks 

 

1 

Aravind R, Daman M, 

Kariyappa B S , ”Design and 

Development of Automatic 

Weed Detection and Smart 

Herbicide Sprayer Robot ”, 

2015 IEEE 

The core idea is to automate 

weed detection and 

herbicide spraying using 

image processing. 

 

The system heavily depends on 

good lighting conditions, which can 

affect its accuracy. 

 

2 

Prajakta Khaire , Dr.Vahita 

Attar, Shrida Kalamkar “ A 

comprehensive survey of 

weed detection and 

classification datasets for 

precision agricultre ”, 2023 

IEEE 

A detailed survey of publicly 

available weed detection and 

classification datasets 

 

Limited coverage of newer 

datasets, 

lesser noise  

management in images 

 

3 

Fengjuan Miao, Siqi Zheng, 

Bairui Tao” Crop Weed 

Identification System Based 

on Convolutional Neural 

Network”,2019 IEEE 

It is a CNN-based system for 

crop-weed identification is 

proposed to improve 

precision agriculture by 

classifying crops and weeds, 

with a focus on 

carrot seedlins 

Crops and weeds in the picture are 

infected to some extent, and the 

recognition accuracy 

needs to be improved. 
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4 

Deepthi G. Pai, Radhika 

Kamath, and Mamatha 

Balachandra,” Deep Learning 

Techniques for Weed 

Detection in Agricultural 

Environments: A 

Comprehensive Review”, June 

2024, IEEE 

The paper explores how 

deep learning can enhance 

weed detection accuracy in 

agriculture, replacing 

labor-intensive and 

environmentally harmful 

traditional methods. 

Deep learning models face 

limitations due to the scarcity of 

large annotated datasets and 

generalizability issues across 

different crops and environments. 

III. PROBLEM STATEMENT 

Given a set of images depicting agricultural fields, the task is to develop a machine learning system capable of 

automatically detecting and localizing weeds within the images. The system should accurately differentiate 

between crops and weeds, pro viding farmers with actionable insights to enable targeted interventions for 

weed control 

IV. OBJECTIVES 

 Enable real-time detection of weeds in agricultural fields by optimizing the CNN model for efficiency and 

speed. 

 Achieving high precision and recall rates is crucial to minimize false positives and negatives, ensuring 

effective weed management. 

 Design a scalable weed detection system that can handle large-scale agricultural operations, covering 

extensive areas of farmland efficiently. 

 The system should be adaptable to different crop types, growth stages, and environmental conditions. 

 Develop user-friendly interfaces or tools to facilitate the integration of the weed detection system into 

existing agricultural workflows. 

V. METHODOLOGY 

The data collection, where high-resolution images of the fields are captured. Following this, image 

preprocessing is performed to enhance the data by filtering noise, adjusting contrast, and segmenting images to 

separate plants from the background. Once the images are prepared, the next step is feature extraction, where 

key characteristics like color, shape, and texture are analyzed to distinguish crops from weeds. Deep learning 

algorithms are then applied to classify plants based on these features, with models like convolutional neural 

networks (CNNs) being commonly used. 

VI. METHOD OF IMPLEMENTATION 

 Select the appropriate image based on the crop type and field 

 Apply image filtering techniques to remove noise and enhance contrast. Perform segmentation to separate 

plants from the soil background, often using techniques like thresholding or edge detection. 

 Train deep learning models on labeled datasets that include images. Use algorithms like CNNs, which are 

effective in image recognition tasks. The models are trained to learn the differences between weeds and 

crops based on extracted features. Validate the model using a separate test dataset to ensure accuracy. 

 Once the model is trained, it is deployed for classification. As new images are captured, the model processes 

them and classifies each plant as a weed. 

VII. LIMITATION 

The effectiveness of machine learning models heavily depends on the availability and quality of training data. 

Limited or biased datasets may result in suboptimal model performance, especially when dealing with rare or 

regional weed species. 
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VIII. SYSTEM ARCHITECTURE 

 

IX. CONCLUSION 

Weed detection using machine learning, particularly Convolutional Neural Networks (CNNs), represents a 

promising approach to revolutionizing weed management in agriculture. By harnessing the power of computer 

vision and artificial intelligence, this technology offers a scalable, efficient, and sustainable solution to one of the 

most persistent challenges faced by farmers worldwide. Despite its potential, weed detection using CNNs is not 

without limitations. Challenges such as data availability, generalization, environmental variability, and 

integration complexity need to be addressed to ensure the widespread adoption and effectiveness of this 

technology. Moreover, regulatory, ethical, and economic considerations must be carefully navigated to foster 

equitable access and responsible deployment. 
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