
                                                                                                                     e-ISSN: 2582-5208 

International Research Journal of  Modernization  in  Engineering  Technology  and Science 
( Peer-Reviewed, Open Access, Fully Refereed International Journal ) 

Volume:06/Issue:10/October-2024                      Impact Factor- 8.187                           www.irjmets.com                                                                                                                                                    

www.irjmets.com                              @International Research Journal of Modernization in Engineering, Technology and Science 

 [109] 

A TRAVEL PARTNER MATCHMAKING SYSTEM USING COLLABORATIVE 

AND CONTENT-BASED FILTERING 

Moin Tamboli*1, Shahrukh Shekh*2, Abdullah Shaikh*3, Noaman Shaikh*4, Taha Patil*5 
*1,2,3,4,5Computer Engineering Department, Savitribai Phule Pune University Pune, India. 

DOI : https://www.doi.org/10.56726/IRJMETS61949 

ABSTRACT 

In today’s travel landscape, group travelers often face unique challenges in planning trips compared to solo 

travelers. Although community sites like TripAdvisor offer abundant information, the planning process can be 

time-consuming. Our study addresses this by proposing a recommendation system that caters specifically to 

group travel, considering preferences such as destinations, budgets, and individual trip components like flights, 

hotels, and activities. The system, GRec_Tr, combines Collaborative Filtering (CF) for destination 

recommendations with a group decision-making process, factoring in individual preferences. This approach 

enhances travel experiences, boosts traveler satisfaction, and provides comprehensive travel package 

suggestions. 

Our project addresses this gap by creating a platform that connects travelers based on shared preferences like 

destination, activities, budget, and timing. The system employs a hybrid recommendation approach using 

Collaborative Filtering (CF) and Content-Based Filtering (CBF) to match users based on travel history and 

preferences. Additionally, content-based filtering refines results by analyzing user profiles. 
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I. INTRODUCTION 

Community sites like TripAdvisor play a vital role in shaping travelers' decisions by providing access to vast 

amounts of travel-related information, reviews, and recommendations. However, the overwhelming content 

often complicates planning, especially for group travelers who must reconcile differing preferences. To address 

these challenges, companies like Travelocity have developed recommendation systems that offer personalized 

suggestions based on user data. While these systems improve the planning process for solo travelers, they 

struggle to handle the complexities of group travel, which requires balancing individual preferences, budgets, 

and activities. 

Collaborative filtering (CF), a technique popularized for recommendation systems, has been widely used across 

various domains, including travel. However, CF systems prioritize majority preferences, which can lead to 

dissatisfaction among minority group members. Existing systems also focus on individual travel products like 

flights or hotels rather than offering comprehensive travel solutions for groups. To overcome these limitations, 

hybrid recommendation systems that combine collaborative filtering with content-based filtering have 

emerged. These systems offer more accurate and personalized suggestions by considering both group dynamics 

and individual preferences. For group travel, integrating social factors such as shared experiences and mutual 

interests can further enhance compatibility and satisfaction within the group. 

II. RELATED WORK 

The development of recommendation systems has significantly transformed the travel industry. Isinkaye et al. 

[1] outline the fundamental principles and evaluation metrics of recommendation systems, establishing a solid 

foundation for their application in travel planning. Collaborative Filtering (CF) techniques, as introduced by 

Goldberg et al. [2], have been pivotal in personalizing user experiences by leveraging user preferences. 

However, CF often falls short in group travel scenarios, where reconciling diverse preferences can be complex. 

Hybrid recommendation systems that integrate CF with content-based filtering have emerged as an effective 

solution. For instance, Turnip et al. [6] demonstrate the success of hybrid approaches in enhancing accuracy in 

educational recommendations, while Yang et al. [7] highlight the importance of incorporating social factors to 

improve user satisfaction in movie recommendations. 

Addressing the unique challenges of group travel, Kim et al. [13] propose a recommender system based on 

group approximate constraint satisfaction, emphasizing the need for systems that can cater to collective 
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decision-making. Similarly, McCarthy [12] explores situated recommendation systems for groups, illustrating 

the potential for more nuanced approaches in travel planning. 

Overall, while existing systems have made significant advancements, the proposed GRec_Tr system aims to fill 

the gap by offering tailored travel packages that consider both individual preferences and group dynamics, 

ultimately enhancing the travel planning experience for groups. 

III. METHODOLOGY 

To implement the Collaborative Filtering and Content-Based Recommendation System for Travel Partner 

Matchmaking, a multi-step approach is adopted. This methodology combines data collection, preprocessing, 

collaborative filtering, content-based filtering, and a hybrid model to recommend travel partners efficiently. 

Each step is based on best practices and research insights from the field of recommender systems. 

1. Data Collection 

The foundation of any recommendation system is high-quality, relevant data. The data collection process will 

focus on gathering diverse information about users to ensure personalized recommendations. According to [1], 

data-driven recommendation systems depend on rich user profiles and interactions to generate relevant 

suggestions. 

2. Data Preprocessing 

Once the data is collected, it must be cleaned and preprocessed to ensure consistency and usability in the 

recommendation system. Preprocessing is crucial for optimizing the performance of machine learning models, 

as highlighted by [5]. 

3. Collaborative Filtering Implementation 

Collaborative filtering is a key component of the recommendation system. It leverages user behavior to make 

recommendations and has been proven effective by early systems like [2] and later refinements by [5]. 

4. Content-Based Filtering Implementation 

The content-based filtering module will focus on recommending travel partners by analyzing the attributes of 

users' profiles, as suggested by [6]. 

5. Hybrid System 

 

Figure 1: Hybrid System[15] 

To further improve the accuracy and relevance of recommendations, a hybrid approach will be employed. As 

noted by [9], hybrid systems combine multiple recommendation strategies to leverage the strengths of both. 

Collaborative Filtering: This component will provide partner recommendations based on users with similar 

preferences and ratings. 

Content-Based Filtering: This part will offer recommendations based on user profile similarity and travel 

preferences. 

Integration: Techniques like weighted blending or switching will be used, depending on the availability and 

quality of user data, as discussed in [6] and [7]. 
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6. Evaluation Metrics 

To assess the system’s performance, both quantitative and qualitative metrics will be used. Evaluation is critical 

to ensure that the system meets user expectations and delivers meaningful recommendations, as shown by [1]. 

User Satisfaction Surveys: In addition to quantitative metrics, qualitative feedback will be collected from users 

to evaluate their satisfaction with the system's travel partner recommendations. As noted by [3], user feedback 

is an essential component in iterative system improvements. 

IV. RESULTS AND DISCUSSION 

1. Key Findings of the Survey 

This survey has revealed several important insights into the use of Collaborative Filtering (CF), Content-Based 

Filtering (CBF), and Hybrid Recommendation Systems in travel partner matchmaking. Based on the literature 

reviewed, the following key findings have been identified: 

Collaborative Filtering (CF): Collaborative Filtering has been effective in domains like e-commerce, streaming 

services, and social media platforms 

Content-Based Filtering (CBF): Unlike CF, CBF relies on user profiles rather than interaction history, thus 

addressing the cold-start issue. 

Hybrid Systems: Hybrid Recommendation Systems, which combine CF and CBF, address many of the limitations 

of both approaches. 

2. Challenges in the Field 

Data Sparsity: As mentioned in [2], many users, especially those new to travel platforms, lack sufficient 

interaction history for CF to be effective. 

User Preference Dynamics: A critical challenge in travel matchmaking is that user preferences are often fluid. 

3. Limitations of the Survey 

While this survey provides a detailed overview of current recommendation systems, several limitations should 

be noted: 

Scope of Literature Review: This review primarily focuses on CF, CBF, and hybrid models, as applied in the 

travel domain. However, other emerging areas, such as deep learning-based models and context-aware 

recommendation systems, are not thoroughly explored in this survey. These techniques, as noted by [7], could 

have a significant impact on the future of travel partner matchmaking. 

Generalization to Travel Matchmaking: Much of the research cited, such as [3] and [4], originates from domains 

like e-commerce and media streaming. Applying these findings to travel partner matchmaking, may require 

adaptations not covered in this survey. 

Lack of Empirical Validation: This survey is based on a theoretical analysis of existing literature, with little 

empirical validation specific to the travel domain. 

V. CONCLUSION 

In this survey, we explored the potential of integrating Collaborative Filtering and Content-Based Filtering 

techniques to develop an effective recommendation system for travel partner matchmaking. By combining 

these approaches, a hybrid system can overcome limitations like cold-start problems, overspecialization, and 

the dynamic nature of travel preferences. 
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